Given past estimates of wage increases associated with workplace computer use and higher usage rates among more skilled workers, the diffusion of computers has been interpreted as a mechanism for skill-biased technological change and consequent widening of the earnings distribution. I investigate this link by testing for direct effects of rising computer use on the distribution of wages in the United States. Analysis of data from the periodic CPS computer use supplements over the years [1984][1985][1986][1987][1988][1989][1990][1991][1992][1993][1994][1995][1996][1997][1998][1999][2000][2001][2002][2003] reveals that the positive association between workplace computer use and wages declines at higher skill levels, with the notable exception of a higher return to computer use for highly educated workers that emerged after 1997. Over my complete sample frame, however, the net association between rising computer use and the distribution of wages was quite limited. For broad groups defined by educational attainment, rising computer use was associated with rising between-group inequality that was offset by falling within-group inequality, suggesting that computers have exerted a "leveling" rather than a "polarizing" effect on wages.
I. INTRODUCTION
The introduction and widespread diffusion of desktop computers has transformed the American workplace during the past few decades. Between 1984 and , the percentage of individuals who directly use a computer at work more than doubled, increasing from about 25 percent to nearly 57 percent. This steady evolution has transformed the way work is done, as workers and firms increasingly rely on computers to perform routine repetitive tasks and enhance worker performance on nonroutine analytic tasks (Autor, Levy, and Murnane 2003) .
A growing body of evidence suggests that computers and the skills associated with their use have altered the wage structure, in particular by increasing relative demand and wages for college-educated workers (Krueger 1993; Autor, Katz, and Krueger 1998; Autor, Levy, and Murnane 2003) . Such findings are consistent with the view that the diffusion of computers and related technologies is associated with "skill-biased technological change" (SBTC), which increases the relative wages of skilled workers. However, these findings have provoked substantial disagreement from scholars who argue that computers do not directly affect wages (DiNardo and Pischke 1997) or that changes in the U.S. wage distribution since the 1970s are not consistent with common theoretical and empirical formulations of SBTC (Card and DiNardo 2003 , Beaudry and Green 2005 , Lemieux 2006 ).
In the present paper, I extend this literature by estimating the direct association between rising computer use and the distribution of wages in the United States. The empirical analyses in this paper rely on the Computer Use Supplements to the U.S. Current Population Survey (CPS), available for selected years over the period [1984] [1985] [1986] [1987] [1988] [1989] [1990] [1991] [1992] [1993] [1994] [1995] [1996] [1997] [1998] [1999] [2000] [2001] [2002] [2003] . After describing the patterns in computer use and inequality over time, the empirical work proceeds by estimating the conditional correlation between computer use and wages (i.e., the "return" to computer use). The results of OLS and quantile regressions suggest that the return to computer use generally declines at higher skill levels, with the exception of a sharp increase in the relative return to computer use for highly educated workers after 1997.
Further analyses that account for combined price and quantity effects using the semiparametric density decomposition technique of DiNardo, Fortin, and Lemieux (1996) reveal that rising computer use had a limited direct impact on the overall U.S. wage structure during my sample frame. Rising computer use was associated with rising inequality between collegeeducated and high-school educated individuals but falling inequality within these groups, especially for college graduates. Overall, it appears that rising computer use offset the erosion of relative wages in the middle of the distribution, suggesting that personal computers represent a "leveling" technology rather than a "polarizing" technology (Autor, Katz, and Kearney 2006) .
II. COMPUTERS, SKILLS, AND WAGES

II.A. Inequality Literature
In the late 1980s and early 1990s, a substantial body of research emerged that examined the underlying causes of an observed increase in U.S. earnings inequality. A leading explanation that emerged from early work was a demand shift favoring skilled workers, arising from an exogenous change in production technology (SBTC). The seminal papers in this area concluded that SBTC played a critical role in the evolution of the U.S. wage structure during the 1970s and 1980s (e.g. Bound and Johnson 1992, Katz and Murphy 1992) .
These initial studies did not employ direct measures of SBTC, instead interpreting a residual trend in the measured skill premium as a reflection of it. Subsequent researchers have employed more direct measures of changing production technology. In the first investigation of the direct effect of computer use on wages, Krueger (1993) used data from the 1984 and 1989 CPS computer use supplements and found that workers using computers on the job earned about 15-20 percent more than those who did not, conditional on a standard set of wage determinants.
His results suggested that rising computer use between 1984 and 1989 accounted for about onehalf of the rising return to education over this period.
Subsequent papers broadened Krueger's focus by investigating the relationship between computers (and other high-tech capital) and relative demand for skilled workers. Using industrylevel data, Autor, Katz, and Krueger (1998) found strong links between the use of computer capital and employment of college-educated workers by industry. Autor, Levy, and Murnane (2003) extended this work by specifying precisely what computers are used for and how they substitute for or complement various worker skills. Their estimated relationship between the adoption of computer technology and shifts in job tasks implies that nearly two-thirds of the increase in relative demand for college-educated workers during the past three decades can be explained by rising workplace computer use. However, they did not test for the relative wage effects of these demand shifts.
1 Other work has focused on the tendency for capital deepening (including computers) to increase wage gaps when capital and skills are complementary inputs in the aggregate production function (e.g., Krusell et al. 2000) . 1 Other papers have used broader measures of new technology. Feenstra and Hanson (1999) used data for 4-digit manufacturing industries and found that investment in computers and other high-tech equipment explains a substantial portion of the wage differences between production and nonproduction workers. Allen (2001) found strong links between returns to schooling at the individual level and various indicators of technological change (measured within 2-digit industries).
By contrast, a number of authors have argued against the SBTC and skill complementarity interpretations of computer use and wages. DiNardo and Pischke (1997) found that workers who use simple office tools such as pencils earn a wage premium similar to that estimated for computer users. They infer from this result that computer use may not have an independent causal impact on wages but instead may reflect unobserved heterogeneity in worker productivity that would generate higher wages for individuals who use computers even in the absence of computer use. Their work relates to a broader strand of research which argues that SBTC accounts for little of the observed changes in the U.S. wage distribution during recent decades. This literature emphasizes the role of alternative considerations such as the decline of unions and the falling real value of the minimum wage (DiNardo, Fortin, and Lemieux 1996, Lee 1999) , the timing of increased earnings inequality relative to observed technological change (Card and DiNardo 2002) , and the contribution of changing workforce composition to measured within-group inequality (Lemieux 2006) .
I add to this literature by directly measuring computer use in assessing the relationship between technological diffusion and changes in the U.S. wage distribution. Before proceeding to the empirical analysis, I first discuss the link between computer use and the distribution of wages in alternative models.
II.B. Computer Adoption and Wages
Much of the debate over the wage impact of rising computer use has revolved around the question of whether computer adoption induces direct productivity effects for individual workers (Krueger 1993) or instead reflects unobserved heterogeneity in worker skills (DiNardo 1997).
As noted in recent research (Borghans and ter Weel 2006, Zoghi and Pabilonia 2005) , however, computer use by an individual worker entails capital investment costs (equipment and software) for firms and probably an investment cost to workers as well, through the costs of skill acquisition needed for effective use of computers. It is therefore likely that computer use will be associated with higher wages at the level of individual workers or worker groups; this wage gap reflects the increase in productivity required to offset the costs of investment in physical and human capital.
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The recent literature on computer capital and wages (Krusell et al. 2000 investment costs are important, the declining price of computers will reduce the investment costs required for computer use on the job and expand the set of workers for whom computer use is financially advantageous (i.e., for whom investments in computer use pays net returns to the worker and firm). As such, rising computer use is likely to be associated with rising inequality initially, as the technology is adopted by workers with relatively high returns, but this effect on inequality is likely to dissipate over time as the cost of computers declines and the required productivity returns decline commensurately at the margin.
Moreover, an important alternative to the SBTC view is provided by Green (2003, 2005) . For their model of discrete changes in technological opportunities, they specify a production function with two separable components reflecting different modes of organization or production: a longstanding or "traditional" mode and a second, more "modern" mode. In conjunction with reasonable assumptions that are supported by data for the United States and Germany, their model implies that an increase in physical capital will reduce the wage gap between skilled and unskilled workers. As they note, these findings are opposite to those implied by the standard SBTC and capital-skill complementarity scenarios, but they are consistent with an economy undergoing a major, discrete change in technological opportunities, such as might be represented by a switch to computer-based technologies. 3 Given the rising share of computer equipment and software in business investment spending over the past two decades, the finding that rising capital abundance may decrease wage gaps suggests that increases in the use of computer capital may not have contributed to an increase in the skill premium or wage differentials in the United States.
The various theories discussed suggest that the association between rising computer use and the distribution of wages is ambiguous. The remainder of this paper will focus on testing whether rising use of computers in the workplace is more consistent with views based on SBTC and capital-skill complementarity vs. alternatives, through direct examination of the impact of computer use on individual wages and the overall distribution of wages. Given the absence of direct empirical evidence on whether computer use increases productivity for individual workers, the empirical findings below may reflect a causal relationship between computers and individual worker productivity, or they may reflect the influence of unobserved skills that are associated with computer use. Despite this ambiguity, for the sake of simplicity I refer below to the association between wages and computer use as the "return" to computer use.
III. DATA SOURCE AND TABULATIONS
For the empirical work in this paper, I use the School Enrollment and Computer and
Internet Use Supplements to the U.S. CPS, conducted in 1984 CPS, conducted in , 1989 CPS, conducted in , 1993 CPS, conducted in , 1997 CPS, conducted in , 2001 CPS, conducted in , and 2003 (referred to below as the "computer use supplements"). In addition to the usual array of monthly CPS questions regarding demographics and employment, supplement respondents were asked about computer use at work, home, and school. Although the exact content of the supplements changed over time (for example, internet use was addressed beginning in 1997), except for minor changes in wording the question regarding computer use at work has been unaltered. For the results reported below, I rely on samples of about 60,000 employed individuals in each survey for the calculation of rates of computer use at work; of these, information on wages and related variables is provided for about one-fourth of the sample (the "outgoing rotation groups;" about 12-14,000 individuals). The analyses are restricted to individuals age 18 to 64. Women have noticeably higher computer use rates than men in every year, although as Card and DiNardo (2002) note, this gap declines at higher educational levels (not shown). In addition, computer use generally increases with age, although it tapers off after age 40 in the early sample years (1980s) and after age 54 in all years. The usage pattern by age probably is due to cohort differences in older workers' exposure to computers, which was especially low in earlier sample years, when computers in the workplace were relatively novel.
In percentage terms (relative to initial usage rates), the sharpest increase in computer use over time is evident for groups with low initial use, including older workers, part-time workers, blue-collar workers, and workers without a high school degree. However, if the usage gap is measured in percentage points, it has increased over time between high-skill and low-skill workers; for example, the usage gap between individuals with a high school degree and those with a college degree increased from 22.6 percentage points in 1984 to 41.8 percentage points in 2003. Moreover, the diffusion of computer use slowed noticeably after 1993; this can be seen most clearly in Figure 1 , which displays usage rates over time for the complete sample and for individuals with a high school or college education.
For the analysis of computer effects on wages, I use hourly wages (recorded as such for hourly workers, and defined as weekly wages divided by usual weekly hours for salaried workers). 4 As noted above, wage data are available for about one-fourth of the sample. For each set of computer supplement data, the observations with information on wages correspond to a single monthly observation from the CPS monthly outgoing rotation group samples (CPS-MORG). The CPS-MORG has been used in numerous studies of rising wage inequality. As argued persuasively by Lemieux (2006) , these data are more reliable than leading alternative sources of wage data -notably earnings data from the March CPS -because they provide a less noisy measure of the key variable of interest (compensation per hour). displaying the CPS-MORG calculations of the p90/p50 and p50/010 wage ratios separately for men and women. 6 For both sexes, upper-half wage inequality exhibited a relatively consistent upward trend during the entire sample period, while lower-half inequality rose for men and especially for women during the 1980s then fell (men) or was largely flat (women) during the 1990s.
5 Lemieux (2006) finds similar patterns over time in residual wage inequality from the CPS-MORG data, which he argues are inconsistent with SBTC impacts on the wage structure (see also Card and DiNardo 2002) . 6 Corresponding calculations from the CPS computer supplements reveal similar patterns over time; to minimize Figure 3 's visual complexity, these tabulations are not displayed.
On net, the tabulations of computer use and wage inequality over time do not point to any clear relationships between the two. Overall inequality (p90/p10) rose most rapidly in the 1980s, when computer diffusion was relatively rapid. However, growing wage inequality in the 1990s
was largely restricted to the upper half of the wage distribution, despite continued growth in the computer usage gap between highly skilled and less skilled workers. On the other hand, the college/HS wage gap grew rapidly during the 1980s and late 1990s, perhaps due in part to the growing absolute gap in computer use between individuals with college and high school degrees.
IV. EMPIRICAL ASSOCIATION BETWEEN COMPUTERS AND WAGES
IV.A. Baseline (OLS) Estimates
In this section, I provide baseline regression estimates for the conditional association between computer use and wages. 7 These regressions largely replicate Krueger's (1993) specification using the 1984 and 1989 computer use supplements (except for slight differences in sample counts). The primary difference is that Krueger measured educational attainment in years, whereas I measure educational attainment according to broad categories (less than high school, high school degree, some college, bachelor's degree, and graduate degree) and use corresponding dummy variables in the regressions. The coefficient on computer use in columns (ii) ranges from about 0.16 to 0.22. The appropriate transformation of dummy variable coefficients in logarithmic equations yields a percentage effect of computer use on wages ranging from about 17 to 24 percent. Figure 4 shows the pattern over time in the percentage return to computer use estimated from Table 2 ; the return peaks in 1993 and then declines somewhat. The same regressions also were run with a set of dummy variables that account for wage differences across 13 major occupational categories.
As shown in Figure 4 , the inclusion of occupational dummies reduces the estimated return to computer use somewhat, but the effect of computer use remains large (and highly statistically significant in each case) and a similar pattern over time is evident across the two specifications. Table 2 ) is limited to men.
IV.B. Returns to Education
Krueger concluded his analysis of the returns to computer use in the 1984 and 1989 supplement data by assessing the contribution of rising computer use to the increase in returns to education over this period. As noted above, by imposing a linear restriction on the estimated returns to education, Krueger appears to have overstated the degree to which the return to computer use increases with education. However, this has little impact on his overall assessment that rising computer use accounted for a substantial share of the rising returns to education in the 1980s, because the greater growth in computer use among more educated individuals made a larger contribution to rising returns to education than did their estimated higher return to computer use.
In particular, Krueger found that rising computer use accounted for 40-50 percent of the increase in the return to education between 1984 and 1989. My Table 2 Table 2 ) are incorporated.
IV.C. Quantile Regression Results
The relationship between skill level and returns to computer use can be investigated further using quantile regression, which enables estimation of the conditional impact of individual variables on the value of a dependent variable at specific percentiles of its underlying distribution. Assuming that the observed wage represents a monotonic index for workers' skill sets, quantile regression provides a means for estimating the impact of computer use on wages across the complete distribution of skills.
11 Table 3 lists coefficient estimates for the impact of computer use on wages at the 0.10, 0.25, 0.50 (median), 0.75, and 0.90 percentiles ("quantiles") of the wage distribution (expressed in natural logs), along with the impact on mean wages (from corresponding OLS regressions).
These quantiles were chosen for comparability to past analyses of changes in the U.S. distribution of wages (e.g., Buchinsky 1994) . The regressions serve as linear predictors of the value of wages at the specified quantile of the wage distribution. As such, the estimated coefficients in Table 3 represent the approximate percentage association between computer use and the wages of individuals at the specified quantile of the wage distribution; they are estimated conditional on the complete set of other control variables used in the OLS regressions from Table 2 , using the pooled sample of men and women.
The results in Table 3 reveal relatively uniform returns to computer use across the conditional wage distribution, with coefficients varying between 0.15 and 0.20 for most quantiles in most years. 12 However, the results suggest that the return to computer use is lower at higher wage levels. This pattern is especially pronounced in the upper half of the wage distribution, with a significantly smaller wage increment due to computer use at the 90 th percentile than at the 50 th percentile in most years. 13 Moreover, this pattern of lower returns to computer use at higher wage levels is not associated with lower incidence of computer use at higher wage levels: in general, computer use increases substantially with measured wage quantiles (results not shown).
To further account for differences in the return to computer use across skill levels, I
estimated quantile regressions by education and experience group. I first divided the sample into individuals possessing a high school degree or less and those possessing a college or graduate degree; within these educational categories, I divided the sample into four groups defined by (potential) labor market experience, ranging from recently entered cohorts (0-5 years experience)
to highly experienced workers (31 or more years of experience). The complete regression results are provided in Appendix Tables 1 and 2 ; they indicate a significant wage increase associated with computer use for most education and experience groups. Figure 6 displays the estimated coefficients on computer use for selected education/experience groups in different years, for the college sample in Panel A and the high school sample in Panel B. The groups and years displayed were chosen to illustrate the broad patterns evident for the complete set of groups in the appendix tables. The finding from the full sample (Table 3) of lower returns to computer use at higher wage levels is largely restricted to individuals possessing a college or graduate degree.
By contrast, the return to computer use is more uniformly distributed for individuals possessing a 12 Quantile regressions for separate samples of men and women yielded results similar to those for the pooled sample (not shown). 13 Separate inter-quantile regressions revealed that computer use is associated with a reduction in the 90-10 and 90-50 wage spreads, with estimates significant at better than the 1 percent level in most years.
high school degree or less. In the high school sample, the return to computer use declines across quantiles for some experience groups in some years but is relatively flat or increases across quantiles for other group/year combinations.
Overall, the OLS and quantile wage regressions suggest that rising computer use can account for some of the rising return to education in the 1980s and 1990s, but more generally the wage increase associated with computer use serves to reduce observed wage gaps, especially for college-educated workers. The conflicting nature of these results suggests the need for a more comprehensive technique to assess the impact of rising computer use on the wage distribution.
V. DISTRIBUTIONAL EFFECTS OF RISING COMPUTER USE
The results from the previous sections indicate that the extent of computer use generally rises with observable skill indicators, while the return to computer use generally declines at higher levels of skills (wages). These quantity and price effects can be combined to assess the relationship between rising computer use and the complete distribution of wages, using the conditional density estimation technique of DiNardo, Fortin, and Lemieux (DFL; 1996) . Because the distributional changes cannot be interpreted precisely in graphical form, I present the kernel density graphs for the full sample only and mostly focus attention on the quantitative dispersion measures listed in Tables 4-6. These tables list separate results for the full sample, men, and women, respectively. Each set is then divided into three sets of two columns, which display results by educational attainment (all, college or graduate degree, and high school degree or less); this enables a standard comparison of between-group and withingroup inequality. For each pair of columns, the first lists the total change in the dispersion measure, while the second column lists the portion of the total change attributable to rising 14 The CPS supplement weights are used for calculation of the unadjusted distributions; these weights are modified by the counterfactual weights to estimate the adjusted distributions (see Appendix A). See DiNardo, Fortin, and Lemieux (1996) , Daly and Valletta (2006) , or Lemieux (2006) for additional discussion and applications. To precisely characterize the impact of changing computer use on the wage distribution, I
list results for median (real) wages plus a variety of standard dispersion measures. These include parametric summary measures such as the standard deviation, Gini and Theil indices, and mean logarithmic deviation, along with measures of selected percentile gaps and the average wage gap between individuals holding a college degree and those holding a high school degree.
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The results in Table 4 indicate that rising computer use had a limited direct effect on overall inequality but noticeable effects on inequality among different groups and in different parts of the distribution. Rising computer use is associated with rising real wages for most Underlying the results for the overall sample in columns (1)- (2) of Table 4 are differences in the results across groups defined by educational attainment, listed in columns (3)-(6). Rising computer use is associated with a substantial share of the increase in median wages for collegeeducated individuals (columns 3-4), but it is uniformly associated with a substantial offset to the measured increase in wage dispersion for this group. In particular, the impact of rising computer use in column (4) is uniformly negative and large relative to the observed increase in dispersion according to each measure. By contrast, rising computer use had largely neutral effects on wage dispersion among individuals holding a high school degree or less, despite accounting for a large share (about one-third) of the increase in median wages for this group. These results are broadly consistent with the findings from the quantile regressions displayed in Figure 6 and the appendix tables, which indicated that the return to computer use declines at higher wage quantiles within the college-educated sample but is relatively uniform across wage quantiles for individuals holding a high school degree or less. Moreover, the DFL results indicate that the increase in computer use among high wage earners in general was not large enough to offset the wageequalizing effect of the returns to computer use within the college-educated group.
The results for men and women separately, displayed in Tables 5 and 6 , are qualitatively similar to the pooled results in Table 4 . For both sexes, rising computer use is associated with neutral or offsetting effects on the observed rise in overall inequality (Tables 5 and 6 , columns 1-2). Moreover, rising computer use is associated with rising inequality in the bottom half of the distribution for both groups, offsetting the observed decline for men but accounting for a substantial share of the observed increase for women (Tables 5 and 6 , p50/p10 gap, columns 1-2). Rising computer use generally is associated with declining dispersion among collegeeducated individuals of both sexes (Tables 5 and 6 , columns 3-4), and it had largely neutral or mixed effects on dispersion among individuals holding a high school degree or less (columns 5-6). One notable difference between men and women is evident in the association between rising computer use and the college/high school wage gap. For men, rising computer use accounts for about one-fourth of a substantial increase in this gap, while for women the increase in this gap was smaller and rising computer use is largely unassociated with the increase. In addition, rising computer use is associated with a substantial share of the overall increase in the p90/p10 gap and the p75/p25 gap for men (Table 5 , columns 1-2), although these effects are offset in the pooled sample of men and women by a negative association between rising computer use and these percentile gaps for women (Table 6 , columns 1-2).
In additional analyses not displayed, I investigated whether these patterns vary across 
VI. CONCLUSIONS
This manuscript has examined the question of whether rising computer use has been a mechanism for skill-biased technological change (SBTC) that has increased wage dispersion in the United States. Despite the voluminous literature that treats computers as a skill-biased technology, recent theoretical and empirical analyses suggest that increased reliance on computer-based technologies may not increase measured wage inequality (e.g., Card and DiNardo 2002 , Beaudry and Green 2003 , 2005 . The general patterns in computer diffusion and wage returns uncovered in this paper are consistent with widespread applicability of computer skills across the wage distribution and over time. Moreover, the return to computer use generally declines at higher skill levels, suggesting that rising computer use per se was not a source of SBTC that widened the earnings distribution between 1984 and 2003.
This interpretation of rising computer use was reinforced by an analysis of its impact on the complete distribution of wages. In particular, conditional on the distribution of worker characteristics that affect wages, the growth in computer use between 1984 and 2003 had a limited impact on overall inequality. Underlying this overall effect of rising computer use was its contribution to rising inequality across broad education groups that was offset by its contribution to falling inequality within these groups (primarily for individuals holding college degrees). Moreover, rising computer use had counterfactual and divergent effects on the upper and lower portions of the wage distribution, offsetting growing wage dispersion between the middle and top but also offsetting falling wage dispersion between the bottom and middle.
These findings suggest that workers in the middle portion of the wage distribution responded to growing demand for computer skills by acquiring those skills as a means for offsetting erosion of their wages relative to wages of individuals near the top and the bottom of the wage distribution. This suggests in turn that over time, rising computer use has represented a "leveling" technology rather than a skill-biased or "polarizing" technology (as argued by Autor, Katz, and Kearney 2006) . This interpretation of computers as a leveling technology is consistent with the results of Weinberg (2000), who found that rising computer use increased the relative demand for female vs. male workers during the years 1970-1994 (and presumably contributed to the declining male/female wage gap during the latter part of this period).
My conclusions are based on the observable correlations between computer use and wages, without any accounting for unobservable characteristics of workers that jointly affect computer adoption and wages. This is a shortcoming that subsequent research might address.
For now, my results pose a challenge to the SBTC view, suggesting limited direct effects of rising computer use on the overall distribution of wages. Bresnahan (1999) and Autor and Katz (1999) have noted that the primary wage effects of technology shifts may be indirect, occurring at the organizational level or in the broader market for skills and altering the wages of individuals who do not use computers in addition to those who do. This argument is persuasive a priori. However, while existing research has uncovered a close relationship between computer use and quantities of labor used by broad type (e.g., Autor, Levy, and Murnane 2003) , direct evidence regarding the impact of such shifts on the overall wage structure has remained elusive. 6 1979 1981 1983 1985 1987 1989 1991 1993 1995 1997 1999 6 1979 1981 1983 1985 1987 1989 1991 1993 1995 1997 1999 2001 2003 Log Earnings Ratio ln(p90/p10), male ln(p90/p10), female Computer supplements No occupation dummies
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Note: Regression models include controls for experience and its square, black, asian, other race, part-time worker, MSA status, veteran status, married, female, married * female interaction, union membership, 3 region dummies, and an intercept. 
The second equality in (A5) follows from the recognition that one term on the right hand side of (A6) will equal zero.
This weight ψ C|X represents the change in the probability between 1984 and 2003 that an individual defined by characteristics X is observed either using or not using a computer on the Note: "*" and "**" denote significance at the 5% and 1% level, respectively. The control variables are the same as in Table 2 , except for the use of a single education dummy (graduate degree) and exclusion of experience-squared. Note: "*" and "**" denote significance at the 5% and 1% level, respectively. The control variables are the same as in Table 2 , except for the use of a single education dummy (high school degree) and exclusion of experience-squared. 
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